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Executive Summary

As major AI labs like OpenAI and Anthropic prepare for public listings on Wall Street, retail investors are
being  pitched  a  narrative  of  exponential  technological  progress  and  unassailable  market  dominance.
However,  beneath  the  marketing  veneer  lies  an  economically  unviable  business  model  built  on  non-
deterministic  software,  severe  parameter  diminishing  returns,  benchmark  gaming,  and  catastrophic
structural losses. 

Allowing these companies to list on public exchanges poses systemic risks to index fund holders, 401(k)
retirement accounts, and retail investors. OpenAI and Anthropic are currently functioning as mechanism-
based "exit liquidity" vehicles for venture capitalists seeking to unload unviable hyper-lossy companies
onto the public before the underlying infrastructure bubble collapses. 

-122%
OPERATING MARGIN

OpenAI spends $2.22 for every
$1.00 of revenue generated 
[00:03:13].

$600B+
COMPUTE COMMITMENTS

Locked-in cloud infrastructure
liability obligations through 2030 
[00:05:29].

$3–$13.5
BURN PER $1 SUB

Subsidized user pricing disguising
true operational costs [00:10:36].

1. The Developer Perspective: The Myth of Scaling Laws & Stochastic Limits

Engineers and developers building production software on top of Large Language Models (LLMs) confront
a stark reality that public financial markets have ignored: stochastic autocomplete engines cannot serve
as foundational architecture for mission-critical software.

1.1 Diminishing Returns of Parameter Scaling

The core thesis of the AI boom—that scaling parameter counts (N) and compute (C) yields proportional
reasoning capabilities—has hit a hard wall of diminishing marginal utility. While early jumps from 1B to
175B  parameters  produced  dramatic  qualitative  shifts,  further  order-of-magnitude  increases  yield
marginal gains that fail to offset exponential compute overhead. 

Compute Cost Escalation: Training and inference costs scale non-linearly, requiring exponentially
greater FLOPS, energy, and high-bandwidth memory (HBM) for incremental improvements on niche
benchmarks.
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Data Wall & Synthetic Degradation: High-quality human text is virtually exhausted. Training next-
generation models on synthetic AI-generated data leads to structural model collapse and compounding
bias errors.

Memory & Context Bottlenecks: Expanding context windows introduces massive KV-cache memory
pressure, severely slowing generation throughput without fixing long-context hallucination rates.

1.2 Stochastic Foundations vs. Deterministic Software Demands

At their core, transformer-based models are statistical token predictors calculating conditional probability
distributions over vocabulary matrices: 

P(wt | w1, w2, ..., wt-1) = softmax(W · ht)

Because these models operate stochastically rather than deterministically, they lack causal reasoning, truth
grounding, or formal state verification. In production software engineering: 

The "Party Trick" Ceiling: LLMs excel at generating conversational prose, rapid prototyping, and
surface-level syntax autocomplete ("party tricks"). However, building autonomous agents or zero-defect
enterprise applications purely on stochastic models requires multi-layered rule-based wrappers,
prompt chaining, and human fallback intervention.

Non-Deterministic Failures: A model with a 95% token accuracy rate yields an exponential compound
failure rate over multi-step workflows (0.95n), rendering complex autonomous pipelines unreliable
without human-in-the-loop oversight.

1.3 Benchmark Gaming & The "Trust Me Bro" Metrics

Public benchmarks (MMLU, HumanEval, GSM8K, SWE-bench) have ceased to serve as valid measures of
real-world operational intelligence. AI research labs actively optimize models for public evaluation suites
through: 

Data Contamination: Test set contamination—whether explicit or subtle—permeates web-scale pre-
training datasets, inflating benchmark performance compared to out-of-distribution real-world
codebases.

Overfitting to Evaluation Harnesses: Engineering prompt templates and fine-tuning specifically to
pass benchmark formats without improving underlying general reasoning capabilities.

Synthetic Prompt Engineering: Tailoring model releases to pass standardized tests while real-world
production performance degrades under edge cases, changing syntax, and dynamic execution
environments.

Developer Reality Check

Benchmarks in modern AI function as corporate PR metrics rather than software reliability indicators.
Adding billions of parameters produces marginal gains in standardized test scores, but fails to eliminate
basic hallucinations, logical drift, or state-tracking failures in real-world application code. 

• 
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2. Financial Unfeasibility: Loss-Making Engine & Cloud Circularity

The  financial  structures  of  OpenAI  and  Anthropic  reflect  unprecedented  capital  burn  rates  that  defy
traditional corporate economics. Unlike software-as-a-service (SaaS) companies with 80%+ gross margins,
these AI frontier labs run deeply negative operating margins. 

2.1 Horrifying Unit Economics & Operating Losses

OpenAI generates roughly $2B a month (~$25B–$30B annualized rate) [00:02:53], yet in Q1 2026 recorded an
adjusted operating margin of  -122% [00:03:13]. For every $1.00 of revenue collected, OpenAI spent $2.22 in
operational  and compute execution costs  [00:03:13],  generating nearly $7 billion in operating losses in a
single quarter [00:03:21]. 

Furthermore,  consumer subscriptions  are  heavily  subsidized.  Users  paying  $20/month consume query
tokens  that  cost  the  company  between  $3.00  and  $13.50  for  every  $1.00  collected [00:10:36].  When
enterprise  clients  like  Uber  or  Walmart  are  billed  at  true  per-token  cost,  corporate  usage  caps  are
immediately instituted as return on investment (ROI) cannot be justified [00:00:38, 00:10:53]. 

Metric / Issue OpenAI Status Anthropic Status Market Impact

Operating

Margin

-122% (Non-GAAP Q1

2026) [00:03:13]

Highly Unprofitable / Leaked

Temporary Margins [00:02:04,

00:09:24]

Massive cash drain requiring

public capital infusion.

Compute

Liabilities

~$600B through 2030 

[00:05:39]

Multi-billion dollar AWS / GCP

commitments

Inflexible multi-year debt-like

cloud liabilities.

Primary

Revenue Source

95% Unpaid Consumer

Base (900M WAU) [00:04:12]

Enterprise-focused (Claude Code,

API) [00:09:47]

Consumer monetization hole

vs. corporate ROI caps.

Path to

Profitability

Pushed to 2029–2030 or

later [00:03:45]
Targeting ~2028 [00:10:42]

Requires continuous multi-

billion dollar dilutive capital

raises.

2.2 The "Rockcom Bubble" & Circular Hyperscaler Financing

A critical structural vulnerability is the circular accounting loop between hyperscalers (Amazon, Microsoft,
Google) and the AI model developers: 

Reciprocal Revenue Loops: Big tech hyperscalers invest billions into OpenAI or Anthropic (e.g.,
Amazon's $50B commitment [00:01:59]). A massive portion of this cash flows directly back to the same
hyperscalers to pay for cloud server capacity [00:07:21, 00:07:36].

Infrastructure Amortization: Unlike AWS during the 2000s dot-com era—which built durable, general-
purpose web server infrastructure—AI GPUs (Nvidia H100/B200) possess rapid obsolescence cycles (3–5
years), high power costs, and virtually no alternative compute use cases outside LLM training/inference
[00:02:44, 00:03:06].

• 

• 
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3. Market Stability & Public Risk: Dump on Retail Investors

The push to list  OpenAI and Anthropic on public  equities  markets  is  not  a  celebration of  commercial
maturity, but a forced funding event driven by depletion of private capital sources [00:12:22, 00:17:00]. 

3.1 S&P 500 Index Contamination and 401(k) Exposure

If  OpenAI  or  Anthropic  are  listed  at  valuations  approaching  $850B–$1T  [00:01:50,  00:02:07],  market-cap-
weighted index funds (S&P 500, Nasdaq 100) will be forced to purchase massive allocations of these shares
[00:06:54, 00:07:09]. 

Systemic Index Risk

Passive index investors and 401(k) holders will automatically absorb heavily loss-making assets. If
these companies collapse or undergo 70%+ equity re-valuations, the losses will be borne directly by
mainstream pension funds rather than venture capital firms [00:06:54]. 

3.2 Insider Exits and Governance Chaos

While retail investors are encouraged to buy into the AI narrative, insiders and key executives are fleeing
or cashing out: 

Executive Departure Wave: Critical C-suite leaders—including Chief Revenue Officer Denise Dresser,
COO Brad Lightcap, and former CTO Mira Murati—have departed amid internal governance instability 
[00:13:09, 00:00:14 (zbKDmkJPVvI)].

Secondary Market Liquidations: Over 600 current and former OpenAI employees have already cashed
out over $6.6B in secondary tender offers, selling shares prior to public listing exposure [00:15:19].

Tangled PBC Structures: The conversion to Public Benefit Corporations (PBCs), coupled with ongoing
state AG scrutiny, congressional inquiries into personal conflict investments, and legal fights over non-
profit assets ("a museum attached to its gift shop"), creates an unprecedented legal risk profile for
public market investors [00:13:29, 00:13:46, 00:14:05].

4. Regulatory Recommendation: Why SEC Approval Must Be Withheld

Regulatory bodies, specifically the U.S. Securities and Exchange Commission (SEC), must not approve S-1
registration statements for frontier AI labs until clear operational standards are satisfied: 

Audited Cost-per-Task Disclosures: Mandate standardized reporting of true compute cost per
inference token versus customer pricing subsidies to reveal actual unit margins.

Depreciation Standard Adjustments: Force full disclosure of GPU hardware lifecycle depreciation
schedules and data center power purchase agreements (PPAs).

Cap-Table and Circular Revenue Audit: Require explicit separation of hyperscaler cloud credit
investments from true cash enterprise revenue.

Until OpenAI and Anthropic demonstrate a viable, deterministic software business model with positive
operating cash flows, public equity markets must remain closed to these offerings to protect public capital
integrity. 

• 

• 
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